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Fig.1 Convolutional neural network model
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Tab.1 Detailed information about the training

and test datasets
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Tab.2 Confusion matrix of recognition accuracy
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7 5 0 0 2 229
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Tab.3 Statistical results of P, R and F1 %
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1 93.15 90.67 91.89
2 100 100 100
3 100 100 100
4 96.43 93.10 94.75
5 100 100 100
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Social Robot Auditory Privacy Information Classification Algorithm

Based on Convolutional Neural Network

WANG Huaibao, YANG Guanci”, LI Yang, LIN Jiacheng
(' Key Laboratory of Advanced Manufacturing Technology of Ministry of Education, Guizhou University , Guiyang 550025, China)

Abstract; In order to obtain the robot auditory behavior privacy perception method and solve the risk of privacy

leakage in speech monitoring equipment, APICA, a social robot auditory privacy information classification algo-

rithm based on Convolutional Neural Network was proposed. Firstly, the algorithm and convolutional neural net-

work structure of the proposed APICA were presented, and then the work flow of the social robot auditory privacy

information monitoring system was put forward. Finally, to evaluate the performance of APICA, training dataset

and test dataset were established, and the proposed method was implemented in a social robot platform. The test

results show that APICA is capable of recognizing privacy information with an average accuracy rate, recall rate
and F1 score of 96.35%, 93.20% and 94.53% , respectively.

Key words : privacy perception ;social robot;classification algorithm ;auditory privacy information



